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Verification of Estimation Performance of Pose Using Inverse Projection
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Requirement for robots has been changed from the work that performed by operators via
robots, to the autonomous action took by themselves. Visual servoing is a method to control
robots’ motion by installing the visual information into the feedback loop. Therefore, it is ex-
pected to enable robots to work in the constantly changing environment or unknown environment.
However, to recognize target object from images, some degree of predefined knowledge is needed.
Therefore, our research group proposed a hand-eye visual servoing system without using them.
Models are created firstly from the image projected on the left camera, then after performing
inverse projection to 3D space to make search models. Projection of the search models in 3D
space are projected to the right camera to determine the position and rotation of target object.
In this study, the accuracy of pose estimation of arbitrary-shaped target object by this system
is verified.
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Fig.2 Hand-eye manipulator used in the system
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